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"COMPUTING MACHINERY AND
INTELLIGENCE” A. Turing 19504
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Turinghy, ZB8E L =Turing Test

Q: Please write me a sonnet on the subject of the
Forth Bridge.

A : Count me out on this one. I never could write
poetry.
Q: Add 34957 to 70764.

A: (Pause about 30 seconds and then give as answer)
105621.

Q: Do you play chess?
A: Yes.

Q: I have K at my K1, and no other pieces. You have
only K at K6 and R at R1. It is your move. What do

vvall nlav?
you piday:
A: (After a pause of 15 seconds) R-R8 mate.
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Q: Please write me a sonnet on the subject of the
Forth Bridge.

‘2 A : Count me out on this one. I never could write
poetry.
Q: Add 34957 to 70764.

OA: (Pause about 30 seconds and then give as answer)
105621.

Q: Do you play chess?

(OA: Yes.

Q: I have K at my K1, and no other pieces. You have
only K at K6 and R at R1. It is your move. What do

you |J|ay
OA (After a pause of 15 seconds) R-R8 mate.
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“Logical Syntax and Semantics. Their
Linguistic Relevance” 19554

[0 No one can quarrel with the suggestion that
linguists interest themselves in meaning or
transformation rules, but the relevance of logical
syntax and semamtics (at least as we now know
them) to this study is very dubious. I think that a
closer investigation of the assumptions and
concerns of logical syntax and semantics will show
that the hope of applying the results which have
been achieved in these fields to the solution of
linguistic problems is illusory.

https://chomsky.info/wp-content/uploads/195503-.pdf



“Three Models for the Description of
Language” 19564
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Heuristic Problem Solving: Next Advance

of Operation Research H.A. Simon 1957%
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“The Perceptron: A Probabilistic Model for
Information Storage and Organization in
the Brain” Rosenblatt, Frank (1958)
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David H. Hubel

Torsten Wiesel
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Robinson, J. Alan (1965). "A Machine-
Oriented Logic Based on the Resolution
Principle".

The theory of the resolution process is presented in
the form of a system of first-order logic with .just one
inference principle (the resolution principle). The
completeness of the system is proved; the simplest
proof-procedure based oil the system is then the
direct implementation of the proof of completeness.
However, this procedure is quite inefficient, and the
paper concludes with a discussion of several
principles (called search principles) which are
applicable to the design of efficient proof-procedures
employing resolution as the basle logical process.

https://goo.gl/uCTmhc
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Douglas Hofstadter “Gédel, Escher, Bach: An Eternal
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Marvin Minsky “A Framework for
Representing Knowledge” 19744
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“Parallel Distributed Processing:
Explorations in the Microstructure of
Cognition” Rumelhart et al. 1986
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He who controls the graph,
controls the world.
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Google Knowledge Graph

. The Knowledge Graph See it

Learn more about one of the key breakthroughs Discover answe
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Geoffrey Hinton
Yann LeCun
Yoshua Bengio
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“"Deep Neural Networks for Acoustic
Modeling in Speech Recognition”
Geoffrey Hinton et al.
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Table 10: Mean of side-by-side scores on production data
PBMT GNMT Human Relative

Improvement

English — Spanish  4.885 5.428 5.004
English — French 4.932 5.295 5.496
English — Chinese  4.035 4.594 4.987
Spanish — English  4.872 5.187 5.372
French —» English 5.046 5.343 5.404
Chinese — English  3.694 4.263 4.636
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Differential Neural Computer




lllustration of the DNC architecture
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Synthetic question answering experiments

John 1s 1n the playground.
Bob 1s 1n the office.
Where 1s John? A:playground

John 1s 1n the playground.

Bob 1s 1n the office.

John picked up the football.

Bob went to the kitchen.

Where 1s the football? A:playground

Where was Bob before the kitchen? A:office

John picked up the apple.

John went to the office.

John went to the kitchen.

John dropped the apple.

Where was the apple before the kitchen? A:office
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